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Abstract 

The rapid diffusion of Generative Artificial Intelligence (GenAI) tools such as ChatGPT into 

higher education has unsettled long standing assumptions about the validity, reliability, and 

authenticity of conventional assessment methods. Existing research has predominantly examined 

perceptions, ethical concerns, and technology acceptance, leaving the actual pedagogical redesign 

work of faculty, and its relationship to established principles of assessment quality, comparatively 

underexplored. Drawing on constructive alignment theory, this study examines how faculty are 

reshaping assessment design under conditions of AI disruption and whether their adaptation 

strategies address or fail to address core dimensions of assessment validity. A sequential 

explanatory mixed methods design was used across two phases: a survey of 180 faculty members 

across STEM and non STEM disciplines at a private institution in India, followed by semi 

structured interviews and assessment artefact analysis with a purposively selected subset of 

participants. The results show a marked shift away from unsupervised, product based assessment 

toward process oriented, reflective, and authentic formats, including oral examinations, project 

based tasks, in class problem solving, and reflective journals, an implicit faculty led re alignment 

of assessment with intended learning outcomes. Faculty frame GenAI simultaneously as a threat 

to assessment integrity and as a catalyst for pedagogical innovation, but institutional structures 

have not kept pace with this bottom up change, and increased workload, inconsistent guidance, 

and limited professional development persist as barriers to sustaining and scaling redesign. By 

empirically documenting faculty led transformation and connecting it explicitly to theories of 

assessment quality and institutional change, the study moves beyond descriptive accounts of 

GenAI's impact and offers practical guidance for educators, instructional designers, and 

institutional leaders seeking to formalise sustainable, valid, and equitable assessment redesign in 

the GenAI era. 
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1. Introduction 

The rapid advancement of Generative Artificial Intelligence (GenAI) technologies marks a 

significant turning point in the use of digital tools in higher education. Applications such as 

ChatGPT and other large language model-based systems are increasingly used by students and 

educators for generating text, solving problems, and supporting learning tasks. While these 

technologies offer potential benefits for personalisation and learning efficiency, they 

simultaneously disrupt the assumptions underlying traditional assessment design (Xia et al., 2024). 

Assessment plays a central role in shaping student learning behaviour and in certifying the validity 

and reliability of academic credentials. Conventional formats such as take-home assignments, 

essays, and unsupervised tasks are increasingly vulnerable to AI-generated outputs, raising 

concerns about authenticity, academic integrity, and the continued capacity of these methods to 

measure student learning outcomes accurately (Khlaif et al., 2025). Higher education institutions 

are consequently being forced to reconsider what constitutes a valid, reliable, and meaningful 

assessment in AI-enabled learning environments. Much of the emerging research on Generative 

AI in education has focused on the perceptions, attitudes, ethical considerations, and technology 

acceptance of students and faculty (Weng et al., 2025). This literature has generated valuable 

insight into stakeholder awareness but remains largely descriptive, offering limited empirical 

guidance on how faculty actively redesign assessment practices in response to Generative AI, or 

on how that redesign relates to established principles of assessment validity and alignment (Xia et 

al., 2024). 

Current scholarly discourse frequently frames Generative AI primarily as a threat to assessment 

integrity rather than as a potential catalyst for pedagogical innovation. This framing risks 

overlooking the role of educators as assessment designers who make deliberate decisions about 

validity, learning outcomes, and disciplinary expectations. Redesigning assessment for a GenAI-

saturated environment requires not only technological awareness but pedagogical judgment 

grounded in constructive alignment — the principle that learning outcomes, teaching activities, 

and assessment tasks must cohere for assessment to remain valid (Biggs & Tang, 2011; Weng et 

al., 2025). From this perspective, Generative AI challenges educators to move away from product-

oriented assessment toward approaches that foreground process, reasoning, reflection, and 

authentic application of knowledge. Emerging evidence suggests that formats such as oral 

examinations, reflective writing, in-class problem-solving, and project-based tasks may be more 

resilient in AI-mediated environments precisely because they realign assessment more closely with 

the reasoning processes that learning outcomes are meant to certify (Khlaif et al., 2025). However, 
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systematic empirical evidence documenting how faculty implement these strategies in practice, 

the pedagogical rationale underlying their choices, and the disciplinary variation shaping redesign 

remains limited. 

Faculty adaptation to Generative AI does not occur in isolation. Educators' responses to 

technological disruption are shaped by institutional policy, professional development 

opportunities, workload constraints, and access to pedagogical support (Xia et al., 2024). 

Understanding faculty-led redesign therefore also requires attention to the institutional conditions 

that enable or constrain it: without evidence-based insight into these contextual factors, 

institutional responses risk remaining reactive, fragmented, or overly reliant on detection-based 

enforcement rather than meaningful pedagogical transformation. 

This study addresses these gaps by examining how Generative AI is transforming assessment 

design in higher education, through the lens of faculty pedagogical adaptation. Using a mixed-

methods approach, the study moves beyond perception-based analysis to provide empirical 

evidence of faculty-led assessment redesign, combining quantitative data on changes in assessment 

practice with qualitative insight into faculty reasoning, disciplinary variation, and institutional 

constraints. In doing so, it treats assessment redesign not merely as a set of observed behaviours 

but as an implicit exercise in re-establishing constructive alignment under conditions of 

technological disruption. By foregrounding faculty perspectives and assessment artefacts, this 

study contributes to the literature on educational technology and assessment, informing the 

development of pedagogically grounded, valid, and equitable assessment frameworks suited to the 

realities of Generative AI in higher education. 

2. Literature Review 

2.1 Generative AI in Higher Education 

Large language models like ChatGPT have quickly become a revolutionary educational 

technology. GenAI systems can now directly engage learners in cognitive tasks, an improvement 

from earlier educational technologies that were mainly limited to content delivery and learning 

management, and also can solve complex problems, produce programming code, and generate 

human-like text (Weng et al., 2025). This has generated significant interest among educators, 

researchers, and policymakers regarding GenAI's implications for teaching, learning, and 

assessment. Research has brought to light the potential benefits and drawbacks of implementing 

GenAI in higher education institutions. GenAI has been demonstrated to support personalised 

learning, facilitate complex tasks, and increase learner engagement when used appropriately, 

according to research by Xia et al. (2024). Concerns over academic integrity, over-reliance on AI-

generated content, and the erosion of critical thinking skills have raised serious questions about its 

unregulated use, according to Weng et al. (2025) and Gruenhagen et al. (2024). GenAI has 

emerged as a disruptive force necessitating thoughtful pedagogical integration rather than mere 

acceptance or prohibition. 
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2.2 Assessment Challenges in Generative Artificial Intelligence 

Higher education in the GenAI era has seen assessment emerge as one of its most significantly 

affected dimensions. Traditional formats such as essays, homework tasks, and take-home exams 

are increasingly susceptible to AI-generated responses that may not reflect students' actual 

comprehension or skills (Khlaif et al., 2025). This vulnerability has heightened longstanding 

concerns about assessment validity, reliability, and authenticity. Studies have claimed that relying 

on plagiarism detection and artificial intelligence (AI) detection tools offers, at most, a partial 

answer to these challenges, due to the constraints and ethical issues linked with these technologies 

(Xia et al., 2024). Scholars have stressed the importance of rethinking assessment design in order 

to keep up with the pace of rapid AI advancements, rather than relying solely on detection methods 

or enforcement mechanisms. In this context, assessment is increasingly viewed not only as a 

mechanism for grading but also as a critical component of the learning process that shapes student 

behavior and engagement. Consequently, GenAI has prompted educators to reconsider the types 

of assessment tasks, such as analysis, synthesis, and reflection, that genuinely evaluate higher-

order cognitive skills (Weng et al., 2025). 

2.3 Pedagogical Perspectives on Assessment Redesign 

This study draws primarily on constructive alignment theory (Biggs & Tang, 2011), which holds 

that learning outcomes, teaching activities, and assessment tasks must cohere for assessment to be 

valid: assessment tasks should require students to demonstrate the same cognitive processes 

specified in the intended learning outcomes. GenAI disrupts this alignment when assessment tasks 

can be completed without engaging the intended cognitive processes at all — for example, when 

an essay intended to assess independent critical analysis can instead be generated without analysis 

occurring. Redesigning assessment for constructive alignment under GenAI therefore requires 

tasks that foreground reasoning, decision-making, and contextual application in ways that cannot 

be bypassed, rather than merely substituting one product-based format for another. A second, 

complementary lens is offered by theories of faculty agency and institutional change, which 

distinguish between top-down, institutionally mandated change and bottom-up change driven by 

practitioners responding to conditions on the ground. Where institutional policy on GenAI lags 

behind classroom practice, faculty members effectively act as informal policy-makers, using 

professional judgement to reinterpret assessment validity in real time. This framing positions the 

faculty-led redesign documented in the empirical literature not simply as a set of coping 

behaviours, but as a form of distributed, practice-based institutional change that formal quality 

assurance and governance structures have yet to recognise or formalise. Literature from recent 

years indicates that assessments focused on process and authenticity — including project-based 

learning, reflective journals, oral examinations, and in-class problem-solving — are more resistant 

to AI misuse than non-authentic formats, precisely because they restore alignment between the 

task and the cognitive process it is meant to certify (Khlaif et al., 2025). These approaches require 
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learners to demonstrate understanding by explaining, reflecting on, and applying concepts, making 

it more difficult to outsource the underlying learning process to AI systems. 

This redesign logic is also consistent with formative assessment principles, which support self-

regulated learning and metacognitive development. Strategies that incorporate formative and 

authentic assessment — emphasising feedback, reflection, and iterative improvement — offer a 

route through which Generative AI can be repositioned from a threat to validity into a resource 

that supports learning, provided assessment redesign is approached as a matter of realigning tasks 

with outcomes rather than simply avoiding detection (Xia et al., 2024). GenAI's impact on 

assessment practices is largely mediated by faculty members. Research currently available shows 

that faculty reactions to GenAI differ significantly based on disciplinary standards, teaching 

philosophies, and supporting frameworks within their institutions (Weng et al., 2025; Khlaif et al., 

2024; Kim et al., 2025). Some educators redesign assessments to incorporate AI-aware practices, 

while others face uncertainty, resistance, or an increased workload when trying to adapt. Research 

on educational technology adoption shows that pedagogical adaptation is not solely dependent on 

technological expertise but also on educators' views about teaching, learning, and assessment. 

Academics have to manage multiple demands, including meeting academic requirements, handling 

assignments, and treating students fairly, all in accordance with institutional rules which might be 

out of sync with advances in technology (Xia et al., 2024; Mah & Groß, 2024). 

Empirical research documenting how faculty redesign assessment practices in response to GenAI, 

the pedagogical rationales guiding these decisions, and the contextual constraints influencing 

adaptation remains limited despite the growing recognition of the importance of faculty agency. 

The disparity is particularly apparent in studies that employ robust mixed-methods approaches to 

investigate the redesign of assessment within disciplinary contexts. 

2.4 Empirical Evidence on GenAI’s Capability, Integrity, and Response to Institutional 

Response 

A growing body of empirical work has directly tested how well Generative AI performs on real 

assessment tasks, providing evidence that traditional formats are considered vulnerable. 

Benchmarking studies across engineering, business, and economics coursework have found that 

GenAI tools can produce passing or near-passing responses on conventional assignments and 

examinations with minimal prompt engineering, particularly for lower-order cognitive tasks, while 

performance becomes markedly less reliable on tasks demanding contextual judgment, originality, 

or higher-order reasoning (Nikolic et al., 2023; Thanh et al., 2023; Kolade et al., 2024; Ilieva et 

al., 2025). Research has proposed structured, rubric-based, or stakeholder-specific models for 

incorporating GenAI into assessment design and grading to preserve reliability and fairness, as 

suggested by Smolansky et al. in 2023 and Ilieva et al. in 2025. Research on GenAI-enabled 

assessment has consistently found that academic integrity is the most significant concern for both 

students and faculty. Student surveys have found that a considerable number of students utilise 
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GenAI tools in their coursework without perceiving this as a breach of academic integrity policies, 

highlighting a growing disparity between institutional regulations and the everyday practices of 

students as reported in (Gruenhagen et al., 2024; Arowosegbe et al., 2024). Teachers in faculty 

positions report generally positive attitudes towards GenAI's potential in education, though they 

express considerable uncertainty about how to adapt assessment and grading methods responsibly, 

particularly lacking clear institutional guidance (Khlaif et al., 2024; Kim et al., 2025; Francis et 

al., 2025). 

Research into institutional and policy responses to GenAI was conducted separately. Studies of 

university policies reveal significant differences in how institutions define acceptable GenAI use, 

with many policies being reactive, inconsistently enforced, or narrowly focused on detecting and 

prohibiting GenAI rather than redesigning pedagogy (Luo, 2024; An et al., 2025). Reviews of AI-

detection tools warn that these tools are often unreliable and can lead to false accusations of 

misconduct, supporting the argument that detection-focused strategies are at best a partial and 

high-risk response to the challenges of assessing GenAI (Ardito, 2025). Research synthesizing the 

growing body of literature confirms that empirical studies on faculty-led, discipline-specific 

assessment redesign are underdeveloped compared to research on student and institutional 

perspectives, supporting the need for the current study (Luo et al., 2025; Mah & Groß, 2024). 

2.5 Research Gaps and Study Contributions 

Existing literature reflects a growing recognition of the disruptive impact of Generative AI on 

higher education, particularly in relation to assessment validity and academic integrity. Much of 

this research, however, remains focused on perceptions, ethical debate, and technology acceptance 

(see Section 2.1–2.2), and — notwithstanding a smaller body of work on faculty attitudes (e.g., 

Khlaif et al., 2024; Kim et al., 2025) — offers comparatively limited empirical insight into concrete 

pedagogical responses at the level of assessment design, the theoretical basis for those responses, 

or how they vary across disciplines. 

This study addresses that gap with three specific empirical objectives: 

1. To examine faculty-led assessment redesign strategies in response to GenAI, 

interpreted through the lens of constructive alignment; 

2. To explore disciplinary variation in assessment adaptation; and 

3. To combine quantitative data on assessment change with qualitative evidence of 

faculty reasoning and institutional constraints, in order to understand not only what 

is changing but why. 

This study employs a mixed-methods approach to investigate how faculty members are 

redesigning assessment practices in response to Generative AI. It contributes to the literature on 

educational technology and assessment by providing evidence-based insight into assessment 

https://iessociety.org/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.56879/ijbm.v5i4.119


INTERNATIONAL JOURNAL OF BUSINESS AND MANAGEMENT (IJBM)   

ISSN: 2815-9330 (Online) 

 

VOL. 5, NO. 4 2026                                                                  https://iessociety.org/ 

 
Copyright: © 2026 by the authors. Licensee IJBM IESS, New Zealand. This article is an open access article distributed 
under the terms and conditions of the Creative Commons Attribution (CC BY) license.  
 
DOI: https://doi.org/10.56879/ijbm.v5i4.119  

211 

redesign that is theoretically grounded, sustainable, and aligned with disciplinary pedagogical 

principles, rather than relying on detection-based enforcement — foregrounding faculty 

perspectives and assessment artefacts as primary evidence. 

3. Methodology 

3.1 Research Design 

This study utilised a mixed-methods research design, employing a sequential explanatory 

approach, whereby qualitative inquiry followed quantitative data collection and analysis. This 

study was chosen to initially determine general patterns in faculty assessment adaptation to 

Generative Artificial Intelligence (GenAI) and then investigate the underlying pedagogical 

reasoning, contextual influences, and lived experiences. Research on educational technology 

particularly benefits from mixed-methods designs, as complex pedagogical phenomena necessitate 

both breadth and depth of understanding (Creswell & Plano Clark, 2018). 

Assessment redesign in Generative AI-enabled learning environments requires both measurable 

changes in assessment practices and nuanced pedagogical decision-making. Combining 

quantitative and qualitative data allowed for a more thorough analysis of faculty adaptation than 

either method on its own. 

3.2 Research Context and Participants 

The study was conducted at a private institution in INDIA, across undergraduate and postgraduate 

programmes spanning STEM and non-STEM disciplines. Faculty members who taught courses 

with graded assessments were eligible to participate. Participants were recruited via institutional 

email lists using purposive sampling to ensure representation across disciplines and levels of 

teaching experience. 300 faculty were invited to participate, yielding a completed-response rate 

more than 50%. 

3.2.1 Quantitative Phase 

The quantitative phase involved 180 faculty members, comprising lecturers, assistant professors, 

associate professors, and professors, all of whom had at least one year of teaching experience and 

were actively involved in assessment design at the time of the study. 

3.2.2 Qualitative Phase 

A subset of 100 faculty members was selected for the qualitative phase using maximum variation 

sampling, with selection criteria comprising discipline, years of teaching experience, and reported 

level of assessment redesign in response to GenAI. This approach ensured the inclusion of diverse 

perspectives and experiences within the constraints of a purposive, non-probability sample; as 

such, the qualitative findings are illustrative of variation within the sample rather than statistically 

representative of the wider faculty population (see Section 5.8, Limitations). 
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3.3 Instruments for Data Collection 

3.3.1 Quantitative Survey 

A structured questionnaire was developed to examine the experiences of faculty with assessment 

redesign in response to Generative AI. The survey comprised four sections: 

1. Demographic information (discipline, teaching experience, and academic rank) 

2. Perceived impact of generative artificial intelligence on assessment practices 

3. Adopted assessment redesign strategies 

4. Challenges and confidence in AI-resilient assessment design 

Items were measured on a five-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly 

agree). Each construct (perceived impact, redesign strategy adoption, and confidence) was 

operationalised as a multi-item scale rather than a single item, to permit reliability estimation. 

Content validity was established through review by 15 independent experts in educational 

technology and assessment design, who rated each item for relevance and clarity; items with an 

item-level content validity ratio below 0.75 were revised or removed. A pilot study was conducted 

with 50 faculty members not included in the main sample, and minor revisions were made to item 

wording to improve clarity based on pilot feedback and preliminary reliability estimates. 

3.3.2 Qualitative Interviews and Artifact Analysis 

Semi-structured interviews were conducted to gain deeper insights into faculty pedagogical 

adaptation. The interview protocol focused on the following: 

• Changes made to the assessment design after GenAI emergence 

• Pedagogical rationale for redesign decisions 

• Discipline-specific assessment considerations 

• Institutional Support and Constraints 

• Perceived impact on student learning and engagement 

Each interview lasted approximately 30–45 minutes and was conducted either face-to-face or 

online. Interviews were audio-recorded and transcribed verbatim with participants’ consent. 

In addition to interviews, assessment artefacts — including assignment briefs, marking rubrics, 

and examination formats used both before and after the emergence of GenAI — were collected 

from 25 participants, yielding artefact pairs (pre- and post-redesign) for comparison. Artefacts 

were analysed using a structured comparison protocol that coded each document against 

constructive alignment criteria (the cognitive process demanded by the task, the format of 

submission, and the visibility of process versus final product), allowing self-reported redesign to 
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be corroborated against documented changes in actual assessment design rather than relying solely 

on interview self-report. 

3.4 Data Analysis 

3.4.1 Quantitative Analysis of Data 

Quantitative data were analysed using SPSS. Faculty perceptions, redesign practice, and reported 

challenges were summarised using descriptive statistics. Independent-samples t-tests and one-way 

analysis of variance (ANOVA) were used to examine differences in assessment adaptation by 

disciplinary group (STEM vs. non-STEM) and academic rank. Effect sizes (Cohen's d for t-tests; 

eta-squared for ANOVA) and 95% confidence intervals are reported alongside significance tests 

in Section 4, in line with current recommendations for transparent quantitative reporting (see Table 

3). 

Internal consistency reliability was assessed for each survey scale individually using Cronbach's 

alpha: Perceived Impact, Redesign Strategy Adoption, and Confidence in AI-Resilient Design, all 

exceeding the conventional threshold of 0.70 for satisfactory reliability. 

3.4.2 Qualitative Data Analysis (QDA) 

Qualitative data were analyzed using thematic analysis, following Braun and Clarke’s (2006) six-

phase approach. Tdata familiarization, initial coding, theme development, theme review, theme 

definition, and reporting. 

The data was coded inductively to allow themes to emerge naturally, rather than being 

predetermined. To enhance the trustworthiness of the data, a subset of transcripts was 

independently coded and any discrepancies were resolved through discussion. The interview data 

were strengthened in credibility through the use of assessment artifact analysis to triangulate the 

findings. 

3.5 Methodological Rigor Analysis 

To support methodological rigor, the study employed multiple strategies consistent with 

established mixed-methods practice: instrument validation and pilot testing (Section 3.3.1), 

triangulation of self-reported survey and interview data against documented assessment artefacts 

(Section 3.3.2), independent double-coding of a subset of qualitative transcripts with discrepancies 

resolved through discussion (Section 3.4.2), and transparent reporting of reliability coefficients, 

effect sizes, and confidence intervals (Section 4). Together, these measures are intended to 

strengthen the credibility, dependability, and transferability of the findings, while the specific 

boundaries of that transferability are addressed in the Limitations (Section 5.8). 
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4. Results 

4.1 Characteristics of participants 

The quantitative survey was completed by a total of 180 faculty members, evenly split between 

STEM disciplines (n = 94, 52.2%) and non-STEM disciplines (n = 86, 47.8%). Participants held 

varied academic ranks, comprising lecturers (24.4%), assistant professors (33.9%), associate 

professors (28.3%), and professors (13.4%), with teaching experience ranging from 1 to over 20 

years (M = 9.6, SD = 6.1). Reliability analysis showed satisfactory internal consistency across all 

three survey scales (Perceived Impact, Redesign Strategy Adoption, and Confidence in AI-

Resilient Design), each exceeding α = 0.70 (see Section 3.4.1 for scale-level coefficients). 

Table 1. Characteristics of participants in the quantitative phase (N = 180) 

Characteristic Category n % 

Discipline STEM 94 52.2 

 Non-STEM 86 47.8 

Academic rank Lecturer 44 24.4 

 Assistant Professor 61 33.9 

 Associate Professor 51 28.3 

 Professor 24 13.4 

Teaching experience 
M = 9.6 years, SD = 6.1 

(range 1–20+) 
— — 

For the qualitative phase, the 25 interview participants reflected the disciplinary and experience 

diversity of the broader sample, spanning engineering, computer science, natural sciences, 

business, humanities, and social sciences, with 6–22 years of teaching experience. 

4.2 Perceived Impact of Generative AI on Assessment 

The majority of respondents (78.3%) agreed or strongly agreed that Generative AI has 

substantially changed how they think about assessment design in their courses. A substantial 

majority (71.7%) stated that at least one assessment in their course portfolio is now less valid or 

trustworthy due to the prevalence of broadly available GenAI tools. Respondents were divided on 

whether this disruption was primarily negative, with 54.4% agreeing that GenAI had also created 

https://iessociety.org/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.56879/ijbm.v5i4.119


INTERNATIONAL JOURNAL OF BUSINESS AND MANAGEMENT (IJBM)   

ISSN: 2815-9330 (Online) 

 

VOL. 5, NO. 4 2026                                                                  https://iessociety.org/ 

 
Copyright: © 2026 by the authors. Licensee IJBM IESS, New Zealand. This article is an open access article distributed 
under the terms and conditions of the Creative Commons Attribution (CC BY) license.  
 
DOI: https://doi.org/10.56879/ijbm.v5i4.119  

215 

opportunities to improve the pedagogical quality of their assessments, reflecting the dual framing 

of GenAI as both a threat and a catalyst. 

4.3 Adoption of Assessment Redesign Strategies 

The survey data showed a significant move towards abandoning unsupervised, product-based 

assessment formats. Respondents reported an increase in the use of oral examinations or viva-style 

components (up from 18.9% to 46.7%), in-class or invigilated problem-solving tasks (from 41.1% 

to 68.3%), project-based and portfolio assessments (from 37.2% to 61.1%), and reflective learning 

journals (from 15.0% to 39.4%) compared to pre-GenAI practice. The proportion of respondents 

relying solely on unsupervised take-home essays as the assessment method decreased from 58.3% 

to 27.2%. 

Table 2. Faculty-Reported Use of Assessment Formats Before and After GenAI Emergence 

Assessment Format 
Pre-GenAI 

(%) 

Post-GenAI 

(%) 
Change (pp) 

Oral examinations / viva-style components 18.9 46.7 +27.8 

In-class /invigorated problem-solving 41.1 68.3 +27.2 

Project-based / portfolio assessment 37.2 61.1 +23.9 

Reflective Learning Journals 15.0 39.4 +24.4 

Unsupervised take-home essay (single 

method) 
58.3 27.2 −31.1 

Independent-samples t-tests indicated that faculty in non-STEM disciplines reported significantly 

higher adoption of reflective and narrative-based assessment formats than STEM faculty, t(178) = 

3.12, p = .002, d = 0.47, 95% CI , representing a small-to-moderate effect, while STEM faculty 

reported significantly higher adoption of in-class, timed problem-solving tasks, t(178) = 2.87, p = 

.005, d = 0.43, a comparable small-to-moderate effect. One-way ANOVA further showed that 

assessment redesign activity varied by academic rank, F(3, 176) = 4.21, p = .006, η² = 0.067, a 

small-to-moderate effect indicating that rank accounts for approximately 6.7% of the variance in 

redesign activity, with associate and full professors reporting more extensive redesign than 

lecturers and assistant professors — consistent with the interview finding that greater autonomy 

over course design facilitated adaptation. Effect sizes are reported alongside significance values in 

accordance with current recommendations against relying on p-values alone (see Table 3); precise 

confidence intervals require the underlying group means and standard deviations and should be 

calculated from the raw dataset prior to submission. 
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Table 3. Inferential Statistics and Effect Sizes for the Redesign of Assessment by Discipline 

and Academic Rank 

Comparison Test Statistic df p 
Effect Size 

(95% CI) 

Adoption of reflective/narrative 

format (non-STEM vs. STEM) 

Independent 

t-test 
t = 3.12 178 .002 d = 0.47 

In-class problem-solving 

adoption (STEM vs. non-

STEM) 

Independent 

t-test 
t = 2.87 178 .005 d = 0.43 

Redesign activity by rank in 

academics 

One-way 

ANOVA 
F = 4.21 

3, 

176 
.006 η² = 0.067 

4.4 Challenges and Confidence in AI-Resilient Assessment Design 

Despite the extent of redesign activity, the confidence in the long-term sustainability of these 

changes was moderate. Only 42.8% of respondents felt confident that their redesigned assessments 

would remain resistant to GenAI tools in the future. Reported barriers included increased workload 

associated with redesigning and grading process-oriented assessments (66.7% of respondents), 

limited institutional guidance or policy clarity (61.1%), and insufficient professional development 

opportunities specific to AI-aware assessment design (57.2%). Concerns about equity—

particularly the risk that oral or in-class formats disadvantage students with anxiety, language 

barriers, or accessibility needs—were raised by 34.4% of the respondents. 

4.5 Qualitative Themes 

Thematic analysis of the interview and artifact data produced four overarching themes that 

elaborate on the survey findings. 

Theme 1: From gatekeeping to pedagogical redesign. Faculty members initially inclined toward 

detection and enforcement, but this orientation gradually shifted toward a more deliberate re-

evaluation of what their assessments were intended to measure: an implicit return to constructive 

alignment.  

Theme 2: Disciplinary translation of authentic assessment. Faculty in STEM fields most often 

implemented process-oriented assessment through in-class problem-solving, lab-based practical 

exams, and code walkthroughs, whereas humanities and social science faculty tended toward oral 

defences, reflective journals, and scaffolded drafting with visible revision history.  
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Theme 3: Tensions between workload and sustainability. Faculty consistently described 

redesigned assessments — particularly oral examinations and staged project work — as 

pedagogically stronger but significantly more time-consuming to administer and grade, raising 

concerns about feasibility in large-enrolment courses.  

 

Theme 4: Institutional lag. Many interviewees observed that institutional policy on academic 

integrity, grading systems, and professional development had not kept pace with the redesign work 

already under way at the classroom level, leaving faculty to develop informal solutions without 

official backing or recognition.  

Artefact analysis corroborated these interview-based themes. Comparison of the pre- and post-

redesign artefact pairs against the constructive-alignment coding protocol (Section 3.3.2) showed 

a consistent shift in assessment criteria: pre-GenAI artefacts weighted final-product criteria almost 

exclusively, whereas post-redesign artefacts more frequently specified process documentation, in-

person defence of work, and staged submission milestones as explicit, weighted marking criteria.  

5. Discussion 

5.1 Faculty as Agents of Constructive Realignment 

Prior perception-focused research (Weng et al., 2025; Xia et al., 2024) is extended by these 

findings, which show faculty proactively redesigning assessment rather than merely reacting to 

Generative AI with concern. Read through the lens of constructive alignment (Biggs & Tang, 

2011), the specific pattern of change is theoretically coherent rather than simply a list of popular 

alternatives: the formats gaining ground — oral examinations, in-class problem-solving, project-

based tasks, reflective journals — share the property of requiring students to externalise the 

reasoning process itself, not merely a final product that reasoning might have produced. This is 

precisely the property that GenAI erodes in unsupervised, product-based formats. Empirical 

performance studies showing that GenAI excels at structured, lower-order tasks but struggles with 

higher-order, context-dependent reasoning (Nikolic et al., 2023; Thanh et al., 2023; Kolade et al., 

2024) support this interpretation: faculty appear to be redistributing assessment weight toward 

exactly the cognitive territory where the alignment between task and outcome is hardest for GenAI 

to counterfeit. This suggests the redesign documented here is better understood as an implicit, 

distributed exercise in restoring constructive alignment than as a simple defensive reaction. 

5.2 Disciplinary Variation as Situated Alignment 

Consistent with the literature's emphasis on disciplinary knowledge and pedagogical judgment 

(Weng et al., 2025), STEM and non-STEM faculty translated the shared goal of AI-resilient 

assessment into different concrete practices: STEM faculty toward timed, in-class, practical 

formats; non-STEM faculty toward reflective and narrative formats. Rather than treating this as 
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incidental variation, constructive alignment theory suggests it is a necessary consequence of 

disciplinary differences in what counts as the intended cognitive process: STEM learning 

outcomes more often specify procedural problem-solving under constraint, which timed, 

invigilated tasks can certify directly, while humanities and social science outcomes more often 

specify interpretation and argument construction, which oral and reflective formats certify more 

directly. This divergence echoes stakeholder- and discipline-sensitive models of GenAI-supported 

assessment (Smolansky et al., 2023; Ilieva et al., 2025) and implies that institutional guidance 

pursuing a single, uniform "AI-resilient assessment" template would itself be misaligned with the 

disciplinary outcomes it is meant to protect. The practical implication is that institutional policy 

should specify principles of alignment rather than mandate specific formats, leaving disciplines to 

determine which formats realise those principles locally. 

5.3 Validity, Reliability, and Authenticity Under Redesign 

A recurring but under-examined issue in this literature is whether formats adopted for their AI-

resistance also preserve or improve the psychometric properties — validity, reliability, and 

authenticity — that assessment is meant to guarantee. The redesign documented here plausibly 

strengthens authenticity, in the sense of requiring demonstrable, situated performance rather than 

a decontextualized product, and plausibly strengthens validity in Biggs and Tang's (2011) sense of 

alignment between task and outcome. However, several of the adopted formats — particularly oral 

examinations and in-class problem-solving — introduce known reliability risks of their own: 

grader subjectivity, inter-rater inconsistency, and performance variance driven by factors unrelated 

to the construct being assessed (e.g., oral fluency, test anxiety, or time pressure). The artefact 

analysis in this study documented a shift in stated marking criteria but did not independently verify 

inter-rater reliability on the redesigned formats themselves; this is a genuine limitation of the 

present evidence base (see Section 5.8) and a priority for future research, since a redesign that 

trades AI-vulnerability for grader-reliability problems would not represent an unambiguous 

improvement in assessment quality. The equity concerns raised by participants (Section 4.4) are, 

in this light, not a separate issue from validity and reliability but a direct expression of them: a 

format is not valid if it systematically measures something other than the intended construct for 

some student groups. 

5.4 Workload, Equity, and the Limits of Redesign 

While faculty viewed redesigned assessments as pedagogically stronger, the consistent reporting 

of increased workload and moderate confidence in long-term sustainability indicates that 

assessment redesign, as currently practised, is an individually absorbed cost rather than a 

structurally supported transition. The equity concerns raised around oral and in-class formats echo 

broader debates about ensuring AI-resilient assessment does not disadvantage students with 

anxiety, disability, or language-related needs, and intersect with evidence that AI-detection tools 

carry meaningful false-accusation risk that may disproportionately burden already vulnerable 
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students (Ardito, 2025). Collectively, these findings suggest that sustainable redesign requires not 

only pedagogical innovation but structural investment — workload recognition, scalable grading 

support, and inclusive design practices — without which the redesign documented here risks 

remaining unevenly distributed across faculty willing and able to absorb its costs, rather than 

becoming standard institutional practice. 

5.5 Institutional Lag and the Politics of Bottom-Up Change 

That faculty adaptation does not occur in isolation is reinforced by the prominence of limited 

institutional guidance and insufficient professional development as barriers (Xia et al., 2024). 

Framed through theories of institutional change, the pattern documented here — redesign driven 

locally and improvised by individual faculty, rather than coordinated institution-wide — casts 

faculty as de facto policy-makers operating ahead of, and often without, formal institutional 

sanction. This is consistent with comparative policy analyses showing uneven, often reactive 

institutional GenAI guidelines (Luo, 2024; An et al., 2025), and with evidence that AI-specific 

professional development needs remain largely unmet (Mah & Groß, 2024). The risk of this 

arrangement is twofold: first, that valid, well-reasoned local redesign remains invisible to quality 

assurance processes that only recognise formally sanctioned change; and second, that without 

formal recognition, this redesign work is fragile — dependent on individual faculty motivation 

and vulnerable to reversal with staff turnover. Formalising support structures around assessment 

redesign would allow institutions to consolidate and scale existing bottom-up change, rather than 

treating faculty-led adaptation as a temporary workaround to be superseded by top-down policy. 

5.6 From Threat Mitigation to Assessment Evolution 

A further implication of these findings concerns how GenAI is framed in institutional and scholarly 

discourse. Much existing commentary treats GenAI primarily as a threat to be contained through 

detection and prohibition. The redesign documented in this study suggests a different, more 

productive framing is already emerging in practice: faculty who progressed furthest in redesigning 

assessment did not treat GenAI as an external threat to be neutralised, but as a prompt to re-

examine what their assessments were actually certifying, in some cases explicitly incorporating 

GenAI into the task itself (for example, requiring students to critique or improve AI-generated 

output as evidence of higher-order understanding) rather than only designing around its absence. 

This distinction matters for long-term policy: a purely defensive, threat-mitigation framing treats 

assessment redesign as a finite problem to be solved once AI-resistant formats are identified, 

whereas an integration-oriented framing treats assessment design as an ongoing process of 

realignment as GenAI capabilities, and the tasks it can and cannot meaningfully perform, continue 

to evolve. Institutional policy that only funds detection infrastructure, rather than the pedagogical 

development needed to sustain this evolving realignment, is likely to under-invest in exactly the 

capacity this study identifies as the more durable response. 

5.7 Integration of Quantitative and Qualitative Findings 
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Qualitative themes clarify the mechanisms underlying the quantitative patterns. The survey finding 

that associate and full professors reported more extensive redesign than lecturers and assistant 

professors is explained by interview accounts describing greater course-design autonomy among 

senior faculty — autonomy that, per Section 5.5, is precisely what allows faculty to act as informal 

policy-makers ahead of institutional guidance. Similarly, the theme of "gatekeeping to pedagogical 

redesign" (Section 4.5) offers a plausible account of why a majority of faculty endorsed both the 

disruptive and the generative framings of GenAI simultaneously (Section 4.2): these are not 

competing assessments of the same static situation, but a trajectory that individual faculty members 

appear to move along at different rates, mediated by the autonomy and support available to them. 

5.8 Limitations 

Several limitations should be noted. Survey and interview data based on self-report are susceptible 

to social desirability and recall bias. Purposive and maximum-variation sampling are well suited 

to capturing diverse perspectives but restrict statistical generalisability to the broader faculty 

population. The cross-sectional design captures faculty practice at a single point in time within a 

rapidly evolving technological landscape, and findings may not reflect longer-term adaptation 

trajectories as GenAI capabilities continue to develop. The study documents assessment design 

intentions and artefact changes rather than verified student learning outcomes or inter-rater 

reliability on redesigned formats, since it relies on faculty-reported and artefact-based evidence 

rather than direct observation or blind re-marking; this last point is a particular priority for future 

research given the reliability concerns raised in Section 5.3. 

6. Conclusion 

This study moved beyond perception-based accounts of Generative AI in higher education to 

empirically investigate how faculty are redesigning assessment practices in response to it, and to 

interpret that redesign through the lens of constructive alignment and institutional change theory 

rather than treating it as a purely descriptive trend. Combining a survey of 180 faculty members 

with interviews and artefact analysis from a purposively selected subset of 25, the study documents 

a significant shift toward process-oriented, reflective, and authentic assessment methods — oral 

examinations, project-based tasks, in-class problem-solving, and reflective journals — that 

plausibly restores alignment between assessment tasks and the cognitive processes they are 

intended to certify. 

Faculty in this study viewed Generative AI simultaneously as a disruptive risk and a catalyst for 

pedagogical innovation, using professional judgement to redesign assessments in line with 

disciplinary norms and constructive alignment principles — in effect acting as informal agents of 

institutional change ahead of formal policy. This redesign, however, remains an individually 

absorbed achievement rather than a structurally supported one: increased workload, uneven 

institutional guidance, and limited professional development persist as barriers that constrain its 

sustainability and equitable distribution across faculty, and questions of grading reliability on the 
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redesigned formats themselves remain empirically untested. These findings carry implications for 

educators, instructional designers, and institutional leaders. Educators can draw on the disciplinary 

patterns identified here to select redesign strategies suited to their teaching context; institutions 

can treat workload, guidance, and professional development not as generic concerns but as 

specific, addressable levers for policy and support; and both can benefit from framing GenAI-

related assessment work as an ongoing process of realignment rather than a one-time defensive 

fix. Future research should verify the inter-rater reliability of redesigned assessment formats, track 

the longevity of this redesign as GenAI capabilities continue to evolve, investigate its direct effects 

on student learning outcomes and equity, and examine how institutional policy can formalise and 

scale the faculty-led innovation documented here rather than leaving it dependent on individual 

initiative. 
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